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No coding, No complexity, Simply chat to process your Data

sianalytics.in



Why we created Sia?

Fragmented data pipelines cost

companies significant time & resources. ! !
After Sia
? Sil;gle platform to integrate the data pipeline
BE'FO re Sia Automated workflows - Accelerated Analytics
Incoherent Data pipeline Gen Al powered chat to develop data apps
Dependency on Manual Expertise Considerable reduction in cost of Analytics
Limited Data efficacy & Accessibility ®
Several tools involved & high costs
Sia automates Data Analytics and
® &

makes it simple and easy to consume.




Introducing Sia

Al Business Expert

| want to build a mode to predict o
1o go about it
Bulld a dashboard for me based

data To build & model preicting C0Z2 emissions based on the provided features, follow this step-by-
S0 Process
. ‘ o jash v T pad 5 I The daissal wa car - v s s Tl presant o T sgeE e ves T1om the & Slep 1 Data Understanding

Objective Undenstand what CO2 emissions you want to predict, the features availlable, and how

they relate 2 emissions

Constderations Identify which features (columns) have a direct impact on CO2 emissions. Key
potential pres
Engioe Type: Eru;lne_T;.-se . and oiners that capture pe g

sstjola models segmeme by Fresr ancne Troes (oeckne Seesl ans retnd

Step 2 Diata Preparation

Product Dev teams sone g oo e Bt o Mo IO o BTy T
i — . . ; ot encoding), Consider using the binary columns

. Cagims bk Yehic that are already created for "Engine_Type' and "Meke_Model (e.q., "Engine_Type_Diesel
9 o e e e b e Maka_Model_audi_A4", ate)
Syste m tea m 5 W ap - Feature Selection ldentily the most relevant features through exploratory dats an |EQ&)
o L e e R : il ; and correlation anslysis Any feature with high multicollinearity or baw variab may be rermdved
= R : sl =yl cha — " Scaling and Morrr ation Some festuies (2.9, ‘Mileage_km’, FuelCo pdian_ L T00kmy }
R& D tea m S might need scaling 1o ensure they contribulzs equally to the madel, Use standardization or

normmalization depending on the model cholce

c S -.r ff' = ] Wisualize ] ; ams, scatier plots, or comelation matrices to understand the
u I e O Ic Ia S relationships between e d the target variable "C02_Emisshons_g km

- |dentity Outliers Look for cutliers in numerical features; analyze thair impact on moda|

perfommance

Data Tea m S _ '_ i : Step 4 Mode| Selection

\ F : - Choose a Prediction Model Depending on your analysis resulte, you may want 1o explore
different types of regression modsls {e.g,, linear regression, decision tree regression, random

forests, or gredient boosting})

Sia brings a full data team to everyone across the

organization, empowering users to build with data,

What specific characteristics define vehicles classified under high m

explore trends & co-relations in data, generate A 4P Cono vt s s ol i
dashboards, build ML models, and more,

Analysis Plan

1. Count of High Emisslon Risk by Reglon: This will show how many vehicles in each region fall into the high emizsion

risk category,

A LL I H RO U G H A S I M P L E ( : HA I I N I E R FA' E ' 2. Distribution of Vehicle Age for High Emission Risk Vehicles: Well visualize the age distribution for vehicles with a
- high ernission risk to see if there is a trend based on age

3. C02 Emdgsions by Make_Model: A boo plot will help us identify differences in CO2 emizzions between various
vehicle models classified under high emissbon risk




What does Sia do? (Sid

Sia is a Al data team that can ingest, clean, analyze, visualize, predict and prescribe from data with a conversation.

/Sia @ 0 @«

Hi Anithﬂ I'm your Al assistant - Sia Developer Hub
Let's dive into your data together i Chat-based development environment designed for performing

end-fo-end data anal YRICE

Al Data Scientist Al Data Analyst
Data Management Studio Insights Hub

Establish data pipelines Analyze trends, patterns, and KPls e 2 s it empaes 0 uoad i, ge i, n

. . " Efficiently
Explore patterns in data Build dashboards and generate reports IR E——— ‘

anage aata with

S LI ppﬂ ﬁ d epa ﬁme ntS WJ Tl-l a d h DC q U E'r I E'E canfidence and efhclency In & Space Bullt ros Chart Builder

simooh &MTechive collaboratiog

Develop ML models

Design dynamic and slatic dashboards with Al-powered

Maintain data sanity to ensure accuracy e St s ks cot ki et

vigualizatons

Collaborate with system

experts to drive value add, Collaborate with business teams to deliver

actionable intelligence

| Unified interface for Developers and Business users ] Work Flow Builder
. Deyelop Ell':pl-f.l[,l' End Automate custom data Enal'_.'n-: PIpsines

Al Data Engineer Al Business expert

DEE |gn aﬂd malil n‘l‘a in Scalable dai‘a . DE’h ne bUSl ness success What are the statistical distributions of C02 emissions and othear How have 602 emissions vased across: differant fasliities over time? m 4

metrics? Can we identify any trends or anomalies?

pIpEIIHES. mETriCS. ¥ T - — ey = N - pd T N - I — v '

Integrate data from multiple sources - Drive business decisions

generate this visualization

E nsure da1a q ual I.I’Yi' FEI Id bl IJTy.F d nd WITh dafa i N EIQ hTS . = ‘--'r--.:. . g I . e T Since the 'Timestamp' column is a datetime Lype and the 'TOZ_Emissions__kg_hour_' column

Simply ask guestions In natural language to explore i nismeric, we can plot these values effectively

SCEESD bl l IW . AET as d b”dge bETWEEH data, generate insights, automate reporting, and

empower both technical and business users to

B i |d ik d g nag € d aJ[-a - = — TEC h n I':al 158 ms an d access and act on Enafﬂi:ﬁﬂ across the orga nization To effectively analyze vour dataset, it's essential to perform some preliminary operations. Hers

warehouses/lakes for analysis. /4 N\ leadership : i ol

Handle null data

. k | = ' Enzure there are no missing values in your dataset, though you have 0 missing values currently




Data Management Studio CSiO

Perform all data modifications and prepare the data for Analytics, without coding.

m¢ Prepare Files

A System Engineer will be able to do:
Concat Dataframes 70% .I-:: }90% . ' 60-75% 100% '
Pull live data seamlessly from any cloud \foras Diatafarss \___/
~ environment for realtime processing. Reduced data Tasks can be done faster data validation
Pivot Dataframe engineering,/ETL without coding

efforts

Split Dataframe

Validate and pre-process data to ensure Groupby / Aggregate

it meets analytics-readiness standards.
Transpose Dataframe

Unlocking/Flattening multilevel indices @ 3 E

Generate automated data quality Managing/Converting sparse Dataframe I SR FTP

reports highlighting inconsistencies
Setting rows as column names

and gaps.
Setting a column as index 7
' + databricks ‘ O (Q“
Ensure smooth integration of data Unpivot Dataframe

Databricks Amazon Red..  Azure Synapse  Google BigQ.. PostgreSQL

O pipelines across distributed systems for Senerate Unidue D5 ind ot RB ReT

reliable analytics delivery.
Transformation template

Reorder/Rearrange Coulmns



Data
Development

Teams

evelopers Suite

Conversational Al: Interact with automotive data through
natural language, enabling quick operations without writing

code or using drag-and-drop tools.

Al-Powered Model Guidance: Get intelligent recommendations
to build and deploy predictive models for vehicle performance,

maintenance, and customer behavior.

Feature Transparency: Understand the impact and purpose
of each feature in your model with clear explanations, aiding

trust and refinement.

Accelerated Development: Quickly implement, test, and
optimize changes, reducing development cycles and

improving time-to-value in automotive applications.
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40% |

9

20%

through automated data formance through guided
processing and model Al recommendations and

deployment. explainability features.

Processing Type

Auto Trend Detection Or Removal

The funchion paramaters without user inpuis are assigned thei

vialses
For better visualization, data points ane selected at an interval «
by reducing the numbser of data poinis. Ondy every 100th data g

trends more appanent

it captures the overall increasing or decreasing pattern inthe
for vanious purpases, such as identifying pattemss, forecasting

dats

Mew Columns added 1o the existing data Mew column names

Mabvea daed TMudaicel cabh i i sl e M e e e acdble s, B e o

The funchion parameters without user inputs are assigned theif
defaull valses

Dataframe 15 clean

Using remaining columns

Corredation analysss and feature importance methodologies arc T

Chat With SIA

Please fill the hyperparameter details to keep analyzing

H | Hyperparameter Advircad Tuning e

Problermn Type Padzresee =

Target Column Fone =

Lolumns Pirsrsa =
Reset Submit

| want to parform feature importance analysis to find top
contributing sensors

To perform feature importance analysis and identify the top contributing
sensors in your dataset, here are the recommended next sleps

Feature Impaortance Analysis

Auto run base classitication models

This bunction runs multiple elassitication models on your data using the
‘machine_sfatus” column as the largel, providing insights on feature

Importance.

Selected Option : random forest feature importance

The Random Forest Featura Imporfance function assesses the contribufion
of each feature in predicting the farge! variable by analyzing the average
decreasze in impurity when splitting. This function helps you identify key
predictors, guiding feature selection and enhancing model

i prl:1uh|||'l1lr. Do not |-::-r_|q1_'r o eheck the autpul window for a 1||r_:-rL=-I_1'=_g||
summary of the teature importance results derived rom vour data.

Please ensure the hyperparameter details are filled in to keep analyzing.

SIA Type here...



usiness Suite

Empowers automotive teams to make data-driven decisions

independently, without relying on technical experts.

Business
Development

Teams

Eliminates the need for complex data engineering or analytics

support through an intuitive interface.

Provides easy access to production, performance, and

customer data for quick analysis and insights.

Enhances efficiency across design, manufacturing, sales,

and service operations through faster decision-making.

Faster business decisions

through instant visual

insights and realtime
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' 30-40%

Increase in operational efficiency
by reducing manual repoerting and
automating

data analysis.

'20-25%

by identifying trends and actionable
insights faster.

4+ Create New Chat

1 Chats

[ 1 Disease Frequency & Trend...

I Vehicle Health Monitori...

[ Predictive Maintenance...

[ Fuel Efficiency Analysis

(Sio

Which vehicle models have the highest risk of emissions non-

compliance?

ia 1o determine which vehicle models carry the highest risk of emissions non-compliance, we conducted an analysis focusing on the total high emis

for various vehicle models. The data was organized by the 'Make_Model and High_Emission_Risk columns, and the results were visualized to hi

models that stand out in terms of their emission risks
I'he findings indicate that the top vehicle models with the highest total high emission nsks are as follows:

1. Audi A4: 68 high emi
2. Ford Flesta: 67 high emission risks
. Toyota Prius: 67 high emission risks
1. BMW X5: 62 high emission risks
Mercedes C-Class: 51 high emission risks
6. Volkswagen Golf: 46 high emission risks

Wehicla High Emission Risk Dashboard
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Sia’s Impact CSIO

Avg Enterprise budget for Al Sla cost of subscriptions - $150 to $350 |

~$3 to 5 million pa Minimize resource & Infra costs of data
Avg Salaries - S100k to $150k pa by at least 30%

40%

Reduction in

data engineering
efforts




Without Sia

Automated Data
; e
- Transformations ~
/ ~

Seamless

Integrations

Enhanced Data

Literacy

With Sia

(Sio

e -~
S Reduced Cost W
of Analytics

“
N

Org - Wide

Scalability

Enhanced
Efficiency




Company Overview

Our Mission

To simplify development and consumption of Technology, so that

people can focus on ‘What to Build’ instead of ‘How to Build’.

@io

Meet the

Fou nders - Combined experience of over 3 decades in data science

Karthik, COO Divya Krishna, CEO Sumalata, CTO

- 10 registered patents, End-to-end project implementation

* Expertise in Cloud, Front-end, and Back-end Technologies

Our Success Stories v

® Enhanced innovation and R&D capabilities in a large enterprise, reduced

GTM time by over 40%, creating new up-selling opportunities.

® Standardized org-wide data processes and increased efficiency by more

than 50% through minimizing manual dependencies and bottlenecks.

® Replaced a legacy analytics tool and reduced costs by more than 70%

through auto-assigning of cloud compute resources and Al features.

-D ata

Services

Backed by Numentica [




Contact Us

Info@datastride.al

+91 87625 25857
+91 84310 42564

¢ K

https://datastride.ai/
https://sianalytics.in
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